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Abstract: Understanding how the brain works is an important way to constructing the final artificial general intelligence.
Building models, and testing the correctness of these models play a pivotal role on understanding how the brain works.
Firstly, the experimental techniques and mathematical modelling methods for the study of brain were reviewed, and then

the block diagram model and theoretical framework were shown, with an emphasis on reinforcement learning. Finally,

some highlighted problems in this area, and the relation with closely related disciplines were addressed.
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TERF— MRS S IE IR A B L —
ANEE, WIHTE RN 1 o WRAET BLLW (5
FAT HARRAS, WA AR B —AIREE B 1 0]
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D" = D(u)
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